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Estimation of the Effectiveness of Planned Maintenance
of Naval Battleships
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Korea National Defense University

The failure function represents the probability of occurrence of failure by the life. The failure function applied to
the probability-based maintenance was derived from the recorded failure data while performing the planned
maintenance. The maintenance system should be analyzed using the data from which the maintenance effect has
been removed. Maintenance effect is the degree of equipment condition that is improved by performing
maintenance. In this study, the Bayesian inference method was used to derive the maintenance effect to be
removed. A survey was conducted on engine operators to establish a prior distribution of maintenance effects.

The Navy assumes that the maintenance effect is 100%
analysis, the maintenance effect was at the level of 73%.

complete maintenance, but as a result of the posterior
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